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A Social Network Recommendation Scheme Based on
Bipartite Graph and Node Role Division

XIAO Yun-peng,LIU Han-song, LIU Yan-bing

( Chongqing Engineering Laboratory of Internet and Information Security ,

Chongqing University of Posts and Telecommunications , Chongqing 400065 , China )

Abstract: In the view of the high complexity about similarity calculation and the indifference about individual nodes,
a social network recommendation scheme based on bipartite graph and node role division is presented in this study. Firstly,
the native social network structure is simplified by dividing overlapping groups. Furthermore, the bipartite graph model of
group and individual is given. Secondly, the role division model is proposed by combining topological features of bipartite
graph with node attributes. Finally,in order to resolve high computational complexity , the individual bipartite graph model is
constructed based on user role difference. The model implements a hierarchical and personalized recommendation. Experi-
ments show that the scheme can effectively recommend among social users who have different interests. In addition, the com-
plexity of individual similarity computation is reduced because the target individual recommendation list is generated based
on small scale bipartite graph.
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